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Spatial dependence in museum services:
An analysis of the Italian case

1. Introduction

This paper aims to study whether the choice of aegumn concerning the service provision is
influenced by the choices of its neighbors; we aso to understand which mechanisms
underpin the neighborhood effects. The servicesudr investigation concern activities
aimed to enlarge the accessibility (e.g., evenipgnigs, upon-request openings, etc.),
supporting activities to improve the collectionifren (e.g., the availability of brochures, the
presence of audio-guides, the presence of guided,tthe provision of childcare activities,
and so on), and the presence of web-services. Wstigate whether the availability of such
services in a museum is influenced by the avaitgbdf similar services in neighboring
museums.

As it happens in the supply of other public sersjdike education and healthcare (e.g.,
Matlock et al., 2014; Guccio and Lisi, 2016; Longpal., 2017), the reasons to expect that
such a spatial influence in services’ provisionsierist can be related to a number of factors:
competition pressure, imitation mechanisms ambegnianagers (peer effect), institutional
rules leading museums to make similar choices.

In fact, museums are institutions that offer dif@r services. In economic terms,
museums can be assimilated to multi-product or imalvices firms whose production
function includes collection, conservation, reshasod exhibition of statements of tangible
and intangible cultural heritage (Fernandez-Blaamd Prieto-Rodriguez, 2011).

The weight of the different functions of museumsl &ne way in which the museum
functions are perceived have been changing ovee.tisiluseums are no longer cultural
institutions mainly devoted to the conservatioradk items; museums are called to provide
both local residents and foreign visitors with emtian and entertainment contents
(Desvallées and Mairesse, 2010); education andtaimment activities are requested to be
joint with live experiences from exhibition fruitio to lead visitors into what is labeled as
‘edutainment’ (the active combination of educatand entertainment). Moreover, the more
and more stringent budget constraints suffered ligaums over recent years in several

countries, have driven the museum managers tohgeeoimplementary supplied services as



potential alternative sources of revenues, sometimecessary to support the traditional
“core-business” of museums, namely conservatiagareh and exhibitions.

Thus, it is reasonable to expect that competitioorag museums to attract visitors is
played not only on the basis of the content ofemtibns, but also on the services supplied in
order to facilitate access and collection fruitibmthis framework, it is interesting to evaluate
whether the supply of services in a museum is tdteby the neighbors’ choices.

We take ltaly as the case-study. Italy is rich aiseums: nearly 5 thousand sites,
including museums, monuments, archeological araase listed; most of them are small in
terms of visits while others can be considered asldalevel superstars. In Italy, private
museums coexist with governmental museums, andhiwihe group of governmental
museums— different institutes are endowed withed#ifit degrees of autonomy. Like in other
service sectors where the presence of public peosids common (let us think of the
healthcare sector or the childcare or the educatemtor), a larger degree of autonomy has
been thought as a tool to enhance competition anpoogiders, and hence to promote the
service quality. In the present investigation, @nag the museum sector, “quality” means
visitors’ satisfaction through additional servicesich as the possibility of avoiding queue,
thanks to online reservation and ticket officetha availability of children-oriented services,
or tools to improve the comprehension and to eth)eyexperience during the visit also thanks
to innovative devices.

From the technical point of view, in order to exakiwhether neighborhood effects do
operate in the case of museum service provision,employ the SAR (Spatial Auto-
Regressive) model. We consider a very large cresBes1 sample of museums, as observed
in 2015, and we investigate whether a significafiuence of the neighbors emerges, as far as
the number and type of offered services are coederheedless to say, the number and
nature of available services are investigated ¢mmdil on the type of museum, and other
individual, institutional and environmental chaexetics.

We document that neighborhood effects in generatrderge. However, their strength
is not homogeneous across museum types. The aigseRomodel and the auto-binomial
model —that could be alternative and appropriageession models, in front of the dependent
count-variable— fully confirm the evidence from thanpler SAR specification. We will
discuss whether the evidence can be solely dueundscompetition among museums, or
other reasons may be consistent with the emergiiigece.

Section 2 recalls some feature of museums andgbeiices, just to make clear that our

present investigation focuses on a specific sehaseum services, which are a part of what
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museums do offer. Section 3 presents the data atl lzand discusses the empirical
specification of the model. Section 4 provides tbsults of the econometric investigations.

Comments and conclusions are gathered in Section 5.

2. Institutional feature of museums and the case dfaly

The most widely recognized definition, reportedthie Statutes ofCOM - the International
Council of Museums, affirms that museum is a “permanent institutiorthe service of society
and its development, open to the public, which aeguconserves, researches, communicates
and exhibits the tangible and intangible heritagdwamanity and its environment for the
purposes of education, study and enjoyment”; museam to increase human knowledge
and preserve cultural heritage for present anddugenerations (ICOM, 2007).

The demand for goods and services provided by nmuses both private and social
(Frey and Meier, 2006). The private demand coma® individuals interested in visiting the
collections for entertainment, enjoyment or cultuariosity, or for research proposals in the
case of professional people. The social demand €dram local communities and the whole
society, as museums can contribute to preservetandkfine the cultural identity of a
community and the humankind history, but also tonpote the regeneration of depressed
urban areas, and to enhance the tourism attraesegent an area.

As far as the nature of the ‘museum’ institutiond aits services concern, some
distinctions are necessary. On the one hand, musellattions can be public or chargeable
goods: apart from congestion, there is not rivalythe consumption. Moreover, the
possibility of whether or not to exclude someonenirthe consumption is a decision
concerning the entrance fee policy: both chargetif® entrance (or a combination of them)
is possible from a technical and economic pointiefv, and the marginal cost of a visitor is
negligible. On the other hand, museum servicesippart the visit are private goods that each
visitor can decide ideally whether or not to buhey are rival and excludable and therefore
they usually have a price. Interestingly, museunidings —that are sometimes designed by
famous architects or “archi-stars” and could becamare attractive than the collection
exhibited inside— can be interpreted as being jpuidic goods: there is not rivalry in the
consumption and no one can be excluded from consommuseum buildings often produce

positive externalities to the area where are |latated benefit local communities.



These differences concerning museum characteriaficks services have institutional
relevance. The ownership of museum buildings antea®mns can be public or private;
generally, they are (or have to be, according éod#éfinition provided by ICOM) non-profit
oriented institutions; governmental ownership arahagement prevail in the Latin European
countries, while private non-profit institutions raditting from private tax-exempted
donations prevail in the Anglo-Saxon countrie both the Latin and the Anglo-Saxon
countries, private subjects (individuals or compapiare usually involved as donors or
financiers for the maintenance of museum buildiraged collections; a more direct
involvement of private companies occurs for thepdypf complementary services to support
the visit: such complementary services can be outed to external private (profit-oriented)
companies, also by part of governmental museums.

In Italy, the possibility for governmental museutagresort to outsourcing services has
been introduced in the mid-1990s (the so-calledcRey Law in 1993), along with the
adoption of a series of administrative and legmstatcts permitting the involvement of the
private sector in the supply of museum servicebssguent major reforms, in 2009 and in
2014, have provided State museums with a largeredegf managerial and technical-
scientific autonomy. The mentioned reforms haveeaino simplify administration and to
attribute museum directors the management of bwthconservation and the valorization of
their collections. However, the reform process gase on (and it is still going on) quite
slowly and only a small sub-group of governmentaliseums (superstars museums,
monuments and archaeological sites like Galleriglidéffizi, Caserta Real Palace, and
Pompei, respectively) have a large degree of amgnorhe management of the other
governmental museums still depends on the pubtimsadministrations. In general, consider
that governmental museums in Italy are still laygdtiven by a legislative-bureaucratic
approach, though the recent reforms aimed to egh#me autonomy and the managerial
perspective of museum directors (Zan et al., 2018).

The picture of the universe of the museum instngiin Italy (as referred to 2015) is
provided by Table 1. Museums are considered alamgas cultural institutions, that is,
archeological and historical parks and specific onmeants and buildings. Data are provided
by ISTAT, the Italian National Statistics Institutnd they are freely downloadable from the
web (ISTAT, 2015).

Ln Italy, the norms concerning arts-bonus (De@2A2/ 1986 updated by Law 4/11/2017) provide tax
incentives for donations to governmental culturatitutions rather than to private no-profit cudur
institutions.



Table 1 -Museums, monuments and archeological areas in Italy

(a)
Istitutional Feature Obs Percentagt
Total 4,97¢ 10C
Gallery or museur 4,15¢ 83.t
Archeological are/park 282 5.7
Monument / Buildings 53¢ 10.¢
Private ownersh 1,82( 36.€
Public sector ownerst 3,15¢ 63.4
State 43¢ 8.8
Public secto— Autonomous institut: 54¢€ 11.C
Public sectc- Outsourcec 99: 20.C
Part of a netwot 2,581 43.4
(b)
: Percentage Percentag:
Type of collection Obs on totalg on museu?ns
Museuns andGallelies
Arts Museum 1,081 21.7 26.C
Arts (unitl 1800s) 660 13.3 15.9
Contemporary Arts (since 1900s) 421 85 10.1
Ethnographic museur 694 139 16.7
Archeology museun 611 12.3 14.7
History museun 47¢€ 9.€ 11.¢
Natural sciences and natural history muse 347 7.C 8.2
Religious museun 201 40 4.£
Science and technology muset 145 2.¢ 3.4
Industry / Enterprise museu 11¢€ 2.4 2.€
Thematic museun 42€ 8.€ 10.2
Othe 61 12 1kt
Monument
Churches and religious buildir 198 3.8¢
Civil buildings and monumen 32k 6.54
(©)
Geographica location All Only museuns
(with the percentage of:
resident population; surface size) Obs % Obs %
Total: 4,97¢ 4,15¢
North-Wes (25.9%; 19.2%) 1,137 228 99: 239
North-Eas (19.2%; 20.6%) 1,16¢ 234 1,047 25.1
Centre (19.9%;19.2%) 1,41¢ 34.1 1171 28.2
Soutt (35.0%; 41.0%) 75C 15.1 611 14.7

Note: Authors' elaboration on data from ISTAT (2D15

About 5,000 museums and similar institutions arerafive in Italy. The ownership of
these cultural institutions is mostly governmer{&8.4%) — at the level of State, Regions,
local public administrations (provinces and muradifies), public school and universitiés.
The main part is represented by gallery or museRdfo) and, particularly, within museums,
arts museums (26%), ethnographic museums (16.7&@heology museums (14.7%) — see

Panels (a) and (b) of Table 1. Panel (c) providdsrination about the geographical

2 Several public subjects are involved in governmlentuseum management; they include: the State
through the Ministry of Cultural Goods and Actiesiwith its peripheral officeSgvrintendenze), Regions,
Provinces, Municipalities, and also other subjeétde public sector in a broad sense, like pusdicool,
public universities, and firms under governmentatannicipal control.



distribution of museums; museums are present imeglions, but the density (as related to
resident population or surface size) is higher iorthern-Central regions and lower in
Southern regions.

In this very articulated and fragmented instituibframework, competition in the
museum sector may assume different meanings. Cdmpetan be among policy-makers
that consider the museums’ endowment and the edtai#nt of new museums as tourism
attractors; valorization and accessibility policiedarger audiences should be main goals for
policy-makers. Competition can be also among (peiend governmental) museum directors,
concerning their ability in attracting visitors, tbalso concerning their scientific reputation
among peers, based on activities concerning coaseny research projects, academic
publications and exhibitions for niche audiencasaly, competition can be among private
enterprises to gain the grant for supplying theenus supporting services.

Clearly, the role played by museum services coeldifferent according to the type of
museum, the type of art collection and the conseindiéferent degree of interactive fruition
(let us think of fine arts museunaersus science and technology museums).

The idea of the present investigation is to assdssther neighborhood effects do
operate in the provision of museum services, aad th evaluate whether such effects can be
related to the different levels of competition amamuseums. To this end, we take into
account information concerning the specific serwiofered by the museums, as reported by

the most recent ISTAT research.

3. Data and empirical research strategy

3.1 Data description

The main source of data in our empirical analysihé museum censusidagine sui musei e
leistituzioni similari) provided by the Italian National Statistics Ihste (ISTAT, 2015). This
census covers all Iltalian cultural heritage insitlus (i.e. museums and galleries,
archeological sites, monuments and other similstititions) and collects information on the
type of services and activities provided by therne Tmost recent census refers to 4,976
cultural institutions in 2015. After having cleanied missing values, the final sample for the
present analysis consists of 2,165 museums, mortamand other similar cultural

institutions, for which we can recover full infortiam on the variables of interest.



The dependent variable in our analysis is the tosahber of serviced\ TOT_SERV)
provided by museums and other similar institutioAs. already mentioned, the census
includes information on services related to the enus accessibilityN SERV_ACCESS),
services supporting visitors’ experiencd SUPPORT_SERV), and the presence of web
services _WEB_SERV) which increase museum visibility. Overall, a tabh 37 services
have been selected from the survey, 5 relatedegarthseum accessibility, 23 to supporting
services, and 9 to web services. Table 2 repoetsi¢tailed list of the services included in our
analysis. Admittedly, in our present study on o#ficdata, we can simply observe the
presence of these services, aimed to support aoitieégand to enrich the visit experience;
nothing can be said on how they really work, arartbffectiveness in increasing the visitor

enjoyment.
Table 2 -Museum services
ACCESSBILITY 14.Presence of info material for disak
1. Predefined opening hours 15. Presence of Sckad visits reservation
2. Opening upon request 16. Presence of parkingespa
3. Evening openings 17. Presence of cloakroom
4. Full year opening 18. Presence of cafeteriarasturant
5. Open house days 19. Presence of bookshop
SUPPORTING SERVICES 20. Presence of guided visits
1. Presence of museum service charter 21. Preséobédcare services
2. Presence of map at entrance with visiting patt22. Presence of assistance services for disabled
3. Presence of info point 23. Presence of free Wi-F
4. Presence of info poster at entrance WEB SERVICES
5. Presence of signs highlighting visiting paths Presence of website
6. Presence of brochures 2. Presence of onliaéogaie for visitors
7. Presence of captions describing single displays Presence of online ticket purchase
8. Presence of audio guides 4. Presence of oniinabvisit
9. Presence of video guides 5. Presence of acaogntial media
10. Presence of proximity systems 6. Presencelofeobookshop
11. Presence of multimedia devises 7. Presengglioe merchandising
12. Presence of AV room 8. Presence of newsletter
13. Presence of info material for children 9. Pneseof online community

Table 3 reports the summary statistics concerfiegdependent variable(s), along with
the other control variables included in our empirianalysis. The comparison between Table
1 and 3 documents that our sample replies the ceitno of the Italian museums' universe
very closely: observations deleted due to missifgrination do not bias the sample. On
average, the museums in our sample offer 14 servocegresponding about to the 38% of the
number of considered services. However, descrigdiggstics show a large variability across
museums. A similarly heterogeneous picture emeimebe three categories of services.



Table 3 -Descriptive statistics of the variables

Variables Mean  Std. Dev. Min Max
Total number of servicedN( TOT_SERV) 14.40 6.33 1 35
Number of services relating to accessibiliy SERV_ACCESS) 3.06 1.14 0 5
Services supporting visitor experien@\(SUPPORT_SERV) 9.17 4.30 0 22
Number of web service®N(WEB_SERV) 2.17 1.92 0 9
Governmental museum&QVERN) 0.39 0.49 0 1
Autonomous governmental museum&JTON) 0.12 0.33 0 1
Outsourced governmental museur@sTS) 0.21 0.41 0 1
Private museumd$RIV) 0.34 0.47 0 1
Gallery or museumMUS) 0.84 0.37 0 1
Part of a networkNET) 0.49 0.50 0 1
Opened before 194BEF1946) 0.12 0.33 0 1
Educational activity EDU) 0.61 0.49 0 1
Presence of directoD(R) 0.59 0.49 0 1
Presence of scientific curatdiZR) 0.45 0.49 0 1
“Friends of the museum” clul-RIENDS) 0.30 0.46 0 1
Part of inter-institutional agreemenNTERINST) 0.49 0.50 0 1
Exhibition surface URF) 3969.27 24050.69 2 500000
Number of employeeEEMP) 10.78 20.86 0 411
Number of employees per unit of surfa&PRATIO) 2.73 5.04 0 66.67
Number of museums in the provinddMUSPROV) 69.91 44.80 9 204
Number of beds in accommodations in the proviBEDS) 65855.13 68001.32 2324 366341
Population in the provincd*QP) 835605.1 970836.1 57480 4341260

Note: The table presents the descriptive statisfitse variables employed in the following emgitianalysis. The
sample is made of 2,165 observations.

The first group of regressors in our estimates em= the ownership type and the
organizational structure of museums (e.g., Bertacdt al., 2018). Governmental museums
(GOVERN) are museums owned and managed by the State athby public (regional and
local) public administrations, while private museu@@RIV) are owned by the private sector.
Among the governmental museums, autonomous musgAEON) have their own budget
and, thus, a certain degree of independence froengthvernment; instead, outsourced
museums QUTYS) are still owned by governments but their managengecontracted out to
an external contractor. In our dataset, 12% and @i@utonomous museums and outsourced
museums, respectively.

In our regression analysis, we also control foresalvcharacteristics of the museums
and other similar institutes under scrutiMUS is a dummy variable equal to 1 if the subject
is a “gallery or museum”, which represent the 84%uw sample (the remaining observations
are monuments, buildings or archeological sitesgarls);NET is a dummy variable equal to
1 if the institute is part of a network (49%), whBEF1946 is equal to 1 if it has opened
before 1946 (12%)DIR and CUR are dummy variables equal to 1 if the institutes laa
specific director (59%) and a scientific curator5%d), respectively. FRIENDS and
INTERINST are dummy variables equal to 1 if the museumHterinstitute, more in general)
has an “Association of Friends” (30%) and if ipiart of an inter-institutional agreement with

other public institutions in the local area (49%&spectivelyEDU is a dummy variable equal
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to 1 if the institute organizes also educationaivdes (61%). Again, among the structural
characteristics which we control f@&JRF is the (log of) exhibition surface of the museum,
which controls (at least in part) for the extentlod museum collectioEMP is the number
of employees in the museum, which controls fornthesseum dimension (we also consider the
number of employees per unit of surfaE&PRATIO, to control for potential nonlinearities
in the production function of museums).

Moreover, we control for some characteristics @f émvironment where the museum is
located.NMUSPRQV is the total number of museums (also those nduded in the final
sample) in the same province, which controls fax @xtent of the potential competitive
pressure in the local area. On average —thoughawtéry large variability— there are about
70 cultural institutions in each Italian provindénen, we include the (log of) number of beds
in accommodationBEDS) and the (log of) populatioPQOP) in the province; both variables
are provided by ISTAT, and they are included totcarfor the potential demand (from both
residents and tourist).

3.2 Empirical research strategy

Our empirical strategy aims to evaluate the preserfcpatial dependence in the number of
services provided by museums. Our baseline regressodel is the Spatial Auto-Regressive
(SAR) model (e.g., Anselin, 1988):

ye = a+ pWy + X' + XJy + & (1)

wherey, is the number of servicedl (TOT_SERV) provided by museur X7 is a vector of
the abovementioned control variables at the mustawel, X3 is a vector of the control
variables at the province level, agds a normally distributed error ters~ N (0, o21). Wy;

is the term capturing the spatial lag of the nundfeservices provided by museums, and it is

shaped by the neighborhood effect implicitly assdirng the spatial weights matrieZ. The

elementw;; of the spatial matriW indicates the potential interaction effect betweeit i

andj, and the strength of the spatial effect is givgrih® unknown spatial parameterthat

3 The effect of tourism flows on museum attendarcelfor vice-versa) is the object of a very largdybo
of theoretical and empirical research: see, e.dlinCand Cuccia (2013, 2019), Carey et al. (2012),
Borowiecki and Castiglione (2014).



needs to be estimated. The estimation of parameten®del (1), namely, p, B, ¥, a2, can

be carried out by maximum likelihood (e.g., Le Sagd Pace, 2009).

In our empirical application, the row-standardizgzhtial weights matribi in model

(1) is as follows:
0 ifi=]j

o1 U= )
0 if ry #71;

WI'J,' =

where r; is the region where museumis located andn, indicates the total number of
museums (in our final sample) located in regiorAccording to (2), the spatial lag is the

average number of services provided by the othéh (vespect ta) museums in the same

region. Then, we also consider the same spatight&imatrix at the province level:

0 ifi=j
Wij = Y7 -1 ifm=p (3)
0 ifp#Fp;

wherep; is the province where museuns located and, is the total number of museums (in

our final sample) located in provinpe Therefore, the spatial lag in (3) is the avenagmber
of services provided by the other museums in theegarovince.

A potential limitation of model (1) is that our d=pent variablg; is a count variable
(as it provides the number of services offered mgeums), while the standard SAR model is
more appropriate when dealing with continuous Vdei® Indeed, previous literature has
shown that a count random variable can be well@apprated by a normal random variable
when the expected count is sufficiently large (sash greater than 10), as the frequency
distribution resembles a normal frequency distrdrute.g., Griffith, 2006). As can be seen in
Table 3, the mean number of services in our sampld; therefore, the specification of the
SAR model could be appropriate in our empiricall@ggion.

Nonetheless, to test the robustness of our resuésalso estimate the auto-Poisson
model (e.g., Besag, 1974), where the spatiallyddggependent variable is included in the

intensity equation and the dependent variable ¢immail on its neighborsy; (i) follows a
Poisson distribution, that is|{y;,j € N;(i) } ~ Po(y,) with

E(y)=p; = exp(a + pWy, + X{'B + XZ'y) (4)
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The auto-Poisson model appears to be the mostivatuivay to introduce the SAR-like
spatial structure in count-data modeling, and & baen used in a few applications dealing
with count random variables (e.g., Mears and Blz&6; Andersson et al., 2009). However,
the auto-Poisson model suffers from the limitatibat, with positive spatial autocorrelation

(i.e., p = 0), the spatially lagged dependent variable intoetkgonential function might cause

the process to be explosive (e.g., Besag, 1974sieel1993). As a result, it is usually stated
that the auto-Poisson model can accommodate orggtive spatial autocorrelation, which
makes it of limited use (e.g., Besag, 1974; Cre4€63).

To overcome the limitation of the auto-Poisson noaesuggested route is to estimate
the following auto-binomial model (e.g., Besag, 49Griffith, 2006):

¥i/N 1r r

whereN is the upper limit of the count random variabkepur case 37 museum services. The
auto-binomial specification for count-data expldite fact that a Poisson random variable can
be approximated by a binomial random variable, amigils the important advantage that it

can fully accommodate positive spatial autocorietat(e.qg., Kaiser and Cressie, 1997;

Griffith, 2006). The parameters of the auto-bindmmdel (5) can be consistently estimated
by pseudo-likelihood estimation of the binomial mabdwhich includes the count

autoregressive componelty; as a covariate (e.g., Besag, 1974; Griffith, 2006)

Therefore, to test further the robustness of osults, in the following we provide
estimates for the three empirical specifications. (iSAR, auto-Poisson, auto-binomial) using
both spatial weights matrixes (2) and (3). It isrtlwonoticing that the (marginal effect

associated to the) spatial parametfer of the auto-binomial specification captures the

dependence of thaoportion of counts (over the upper limit) upon the neigtlshopunts, and
has to be interpreted accordingly when comparethéoestimates of the SAR and auto-
Poisson model.

4. Results

As a preliminary evidence of spatial dependencehan number of services provided by
museums, we present the Morah’statistic to evaluate departures from spatial camkess.

Table 4 shows significant positive spatial corielatin N_TOT_SERV, irrespective of
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considering the regional or provincial spatial weignatrixes. This means that significant
spatial dependence in data is present, both ifagmnal level is considered, and in the case

of the provincial level.

Table 4 -Moran's | Tests

Variables Moran’s | Statistics p-value
N_TOT_SERVrec 0.058 0.000***
N_TOT_SERVrrov 0.079 0.000***

Table 5 reports the results from the SAR modelymwis 1 to 3 (4 to 6) refer to spatial
weights matrix at the regional (provincial) levidl.the first specification (i.e., column 1 and
4) we include only the ownership and the organireti variables as covariates. In the second
specification (i.e., column 2 and 5) we also coesiather regressors at the museum level as
covariates. Finally, the third specification (i.eolumn 3 and 6) includes control variables at
the province level. We find a positive and sigrafit spatial dependence in the number of
services provided by museun®ATIAL LAGGED Y), even after controlling for our full set
of covariates. The positive spatial dependence samé with both spatial weights matrixes,
though it is always higher when using spatial maati the regional level. More specifically,
estimates in Table 5 suggest that a marginal iserea the average number of services
provided by museums in a region gsteris paribus, associated with a significant increase of
about 0.2-0.6 (according to specification) in thgpexted number of services offered by a
single museum located in that region.

As for the ownership type, private museuni®RI{/) provide more services than
governmental ones. The organizational structurenofeums also matters, as autonomous
(AUTON) and outsourced museum®UTS) provide more services as well. Overall, the
results for the ownership type and organizationadlenare fully in line with those reported in
Bertacchini et al. (2018), who find that private seums in Italy offer more services than
governmental museums; this coincidence is not mingy; since the databanks are similar
(consider, however that Bertacchini et al. resottethe 2011 census data; thus, our up-dated

investigation tells that four more years have miaiged significant changes in this respect).
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Table 5 - Number oftotal services offered: SAR models

(1) (2) ©)] 4) (%) (6)
SAR SAR SAR SAR SAR SAR
SPATIAL LAGGED Ygrec 0.602 0.298 0.312
(0.057)** (0.055)** (0.056)***
SPATIAL LAGGED Yprov 0.357 0.203 0.221
(0.042)***  (0.037)***  (0.039)***
AUTON 4.365 2.063 2.072 4.412 2.079 2.082
(0.401)**  (0.333)**  (0.333)***  (0.402)***  (0.334)***  (0.334)%**
OuTS 0.776 1.575 1.512 0.912 1.618 1.541
(0.331)** (0.269)*** (0.271)*** (0.329)*** (0.267)** (0.269)***
PRIV 0.015 0.808 0.806 0.048 0.827 0.826
(0.306) (0.228)*** (0.228)*** (0.306) (0.227)%* (0.228)***
MUS 2.911 2.925 2.956 2.975
(0.290)***  (0.290)*** (0.290)***  (0.291)**
NET 1.010 0.974 1.042 1.009
(0.207)***  (0.208)*** (0.208)***  (0.208)***
BEF 1946 -0.018 -0.039 0.010 0.034
(0.312) (0.313) (0.313) (0.312)
EDU 3.593 3.605 3.627 3.628
(0.227)%* (0.227)** (0.228)*** (0.228)***
DIR 1.425 1.469 1.472 1.504
(0.232)***  (0.235)*** (0.233)**  (0.235)**
CUR 1.619 1.617 1.598 1.591
(0.221)¥*  (0.222)%** (0.222)x%  (0.222)**
FRIENDS -0.057 -0.036 -0.025 -0.031
(0.221) (0.221) (0.221) (0.222)
INTERINST 1.479 1.488 1.530 1.528
(0.209)*** (0.209)*** (0.210)*** (0.210)%*
SURF 0.970 0.979 0.973 0.968
(0.082)***  (0.083)*** (0.082)***  (0.083)***
EMP 0.041 0.041 0.039 0.040
(0.005)***  (0.006)*** (0.005)***  (0.006)***
EMP RATIO -0.013 -0.013 -0.012 -0.012
(0.023) (0.023) (0.023) (0.023)
MUSIN PROV 0.008 0.012
(0.003)** (0.007)*
BEDS -0.099 -0.096
(0.129) (0.128)
POP -0.211 -0.267
(0.169) (0.166)
CONSTANT 5.022 -4.302 -0.208 8.504 -3.023 2.015
(0.809)*** (0.934)** (2.236) (0.609)*** (0.775)*** (2.202)
Observations 2165 2165 2165 2165 2165 2165
Log pseudolikelihood -6952.74 -6337.34 -6334.23 6309 -6336.31 -6332.81
AIC 13917.47 12708.68 12708.47 13932.19 12706.60 70351

Note: Robust standard errors in brackets. * sigaifiat 10%, ** significant at 5%, *** significant 4%.

Looking at the other regressors, galleries and nmseMUS) provide more services
than monuments and archeological areas or parkgarBless of the type of cultural
institutions, those which are part of a netwddE() also show a higher number of services.
Similarly, the presence of a direct@IR) and a scientific curatolCUR) is associated with a
higher number of provided services. Clearly, tlosild also be partially due to the fact that
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both professional profiles are more likely to begemt in bigger museurfisn this respect,
we find evidence that, not surprisingly, museumth\ai larger exhibition surfac&JyRF) and
more employeesEMP) provide a larger number of services. Instead, deenot find
significant evidence for the number of employeasypet of surface EMPRATIO); this piece

of evidence —apart from considerations concernimg efficient use of inputs and their
productivity— simply leads to the observation ttia personnel is not used to improve the
number of supplied services.

Finally, the explanatory power of the environmerfadtors at the province level is
rather weak. This is also clearly indicated by nmiad&rmation criteria (i.e., Log-pseudo-
likelihood and the Akaike Information Criterion) wh suggest that no much improvement in
the model explanatory power is gained once thesgrals are inserted in the equation
specification. Only the number of museums in thees@rovince IMUSPROV) turns out to
be positive and significant (at least at the 10%elle while the number of beds in the
accommodation sectoBEDS) as well as the populatiorPQP) in the province always
display not-significant effects. This seems to ®sjghat the museums’ behavior in terms of
services provided is not strongly influenced by ¢benpetitive pressure deriving from tourist
inflow or resident population.

This latter result is also relevant for the intetption of the spatial dependence we find
in the estimates. Specifically, it may suggest tihat spatial dependence in the number of
services provided by museums could not be duertdegic interdependence induced by
competition to attract more visitors, but it collle due to other reasons, that is, reputational
concerns and/or common institutional factors.

As said above, though the pretty high number aflteérvices under consideration (i.e.,
37), and its mean value (around 14), could supperSAR model as an appropriate modeling
choice, it is advisable to check for the resulreciness, by resorting to alternative regression
models, in front of the fact that the regressarmhbée is a count variable.

Table 6 reports the results from the auto-Poissoodely with the same six
specifications as in Table 5. We still find a pivgitand significant spatial dependence in the
number of services provided by museums; againjampendence is always higher if using

spatial weights matrix at the regional level. Hoeg\the spatial dependence which comes out

4 Both the presence of a curatddIR) and a scientific curatorCUR) are, in fact, positively and
significantly correlated with both the exhibitioarface URF) and the number of employeds\P) in the
museum, which should (at least partially) proxytfee museum dimension.
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from the auto-Poisson model is slightly higher ampared to the outcome from the SAR

model.
Table 6 - Number oftotal services offered: SAR models — Auto-Poissaalehs
1) 2 (3) (4) (5) (6)
POISSON POISSON POISSON POISSON POISSON POISSON
SPATIAL LAGGED Yre 0.062[0.892] 0.032[0.462] 0.032[0.466]
(0.006)* (0.005)* (0.005)***
SPATIAL LAGGED Yerov 0.041[0.583] 0.022[0.310]  0.023[0.331]
(0.004)*** (0.003)*** (0.003)***
AUTON 0.266 0.118 0.119 0.269 0.121 0.121
(0.023)*** (0.019)*** (0.019)*** (0.023)*** (0.019)** (0.019)***
OUTS 0.042 0.107 0.105 0.053 0.110 0.106
(0.021)* (0.017)*** (0.018)*** (0.022)* (0.018)** (0.018)***
PRIV -0.002 0.056 0.057 0.001 0.058 0.059
(0.022) (0.016)** (0.017)*+ (0.022) (0.017)%* (0.017)%*
MUS 0.200 0.201 0.202 0.204
(0.022)% (0.023)*** (0.023)%* (0.023)*
NET 0.070 0.068 0.075 0.072
(0.014)*** (0.014)*** (0.014)*** (0.014)***
BEF 1946 -0.006 -0.007 -0.008 -0.007
(0.021) (0.022) (0.022) (0.022)
EDU 0.277 0.278 0.279 0.280
(0.017)%* (0.018)*** (0.018)** (0.018)*
DIR 0.117 0.119 0.115 0.119
(0.016)** (0.017)** (0.017)% (0.017)*
CUR 0.112 0.112 0.111 0.112
(0.015)*** (0.015)*** (0.015)*** (0.015)***
FRIENDS -0.001 -0.001 -0.003 -0.001
(0.015) (0.015) (0.015) (0.015)
INTERINST 0.104 0.105 0.107 0.107
(0.014)% (0.014)*+ (0.014)% (0.014)%
SURF 0.070 0.070 0.069 0.070
(0.006)* (0.006)*** (0.006)* (0.006)**
EMP 0.002 0.002 0.002 0.002
(0.000)*** (0.000)*** (0.000)*** (0.000)***
EMP RATIO 0.001 0.001 0.001 0.001
(0.002) (0.002) (0.002) (0.002)
MUSIN PROV 0.001 0.001
(0.000)* (0.000)*
BEDS -0.008 -0.006
(0.009) (0.009)
POP -0.012 -0.012
(0.011) (0.012)
CONSTANT 1.723 1.104 1.314 2.029 1.254 1.565
(0.094)*** (0.087)*** (0.168)*** (0.063)*** (0.066)* (0.153)***
Observations 2165 2165 2165 2165 2165 2165
Log pseudolikelihood -7580.55 -6397.04 -6341.12 8566 -6396.79 -6393.20
AIC 15171.10 12826.10 12722.24 15186.13 1282558 82421

Note: Robust standard errors in round brackets, imargffects (at means) in square brackets. * fiarit at 10%, ** significant at
5%, *** significant at 1%.

Looking at the marginal effects, estimates in Talleor 6 suggest that a marginal
increase in the average number of services in iarrag, ceteris paribus, associated with an
increase of about 0.3-0.9 in the expected numbeenfices. As far as the other coefficients

concern, the results from the auto-Poisson modeffidly in line with those from the SAR
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model. In particular, estimates of the environmefaetors at the province level still confirm
that their role in explaining museums’ behaviothia number of services provided is limited.
Finally, Table 7 reports the results from the abitmemial model which —as discussed in

Section 3— overcomes the limitation of the autosBan model.

Table 7 - Number oftotal services offered: SAR models — Auto-binonmmldels

(€Y (2 3) (4) (5) (6)
BINOMIAL BINOMIAL BINOMIAL BINOMIAL BINOMIAL BINOMIAL
SPATIAL LAGGED Yres 0.096 [0.022]  0.048[0.011]  0.049 [0.011]
(0.010)** (0.008)**+ (0.008)***
SPATIAL LAGGED Yerov 0.066 [0.016]  0.034[0.008]  0.038[0.008]
(0.007)*+ (0.006)*** (0.006)***
AUTON 0.478 0.229 0.231 0.484 0.233 0.233
(0.044)%* (0.037)%* (0.038)*** (0.044)** (0.038)*** (0.038)***
QOuUTS 0.076 0.187 0.180 0.093 0.192 0.182
(0.037)** (0.032)*** (0.032)*** (0.037)** (0.032)*** (0.032)***
PRIV -0.002 0.094 0.094 0.003 0.098 0.098
(0.035) (0.028)**+ (0.028)**+ (0.036) (0.028)**+ (0.028)**+
MUS 0.343 0.345 0.345 0.348
(0.037)%* (0.037)*+ (0.037)*+ (0.037)*+
NET 0.119 0.115 0.126 0.121
(0.025)*** (0.025)*** (0.025)*** (0.025)**
BEF 1946 -0.011 -0.012 -0.012 -0.011
(0.040) (0.040) (0.040) (0.040)
EDU 0.425 0.427 0.428 0.429
(0.027)%*+ (0.027)*+ (0.027)** (0.027)**
DIR 0.181 0.186 0.178 0.187
(0.027)%* (0.027)** (0.027)** (0.027)*+
CUR 0.191 0.191 0.190 0.191
(0.026)*** (0.026)*** (0.026)*** (0.026)***
FRIENDS -0.011 -0.008 -0.012 -0.009
(0.027) (0.027) (0.027) (0.027)
INTERINST 0.179 0.179 0.183 0.182
(0.025)%*+ (0.025)**+ (0.025)** (0.025)**
SURF 0.114 0.115 0.114 0.115
(0.011)%* (0.011)*+ (0.011)** (0.011)*+
EMP 0.005 0.005 0.005 0.005
(0.001 )% (0.001)*** (0.001)** (0.001)***
EMP RATIO -0.002 -0.002 -0.002 -0.001
(0.003) (0.003) (0.003) (0.003)
NMUS PROV 0.001 0.001
(0.000)* (0.000)**
BEDS -0.013 -0.010
(0.015) (0.015)
POP -0.031 -0.029
(0.021) (0.021)
CONSTANT -1.920 -2.915 -2.449 -1.489 -2.718 -2.072
(0.1472 )% (0.138)*** (0.282)** (0.101)*** (0.108)*** (0.267)***
Observations 2165 2165 2165 2165 2165 2165
Log pseudolikelihood -994.68 -941.57 -941.42 -994.8 -941.47 -941.23
AIC 1999.37 1915.15 1920.83 1999.62 1914.95 1920.46

Robust standard errors in round brackets, margfifedts (at means) in square brackets. * signifi@m0%, ** significant at 5%, ***
significant at 1%.

Again, we find a positive and significant spatiapéndence in the number of museum
services. Also the magnitude is equal to that ftbm auto-Poisson model. Specifically, the

marginal effect of the spatial autoregressive coeffit in Table 7 implies that a marginal
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increase in the average number of services in iarrag, ceteris paribus, associated with an
increase of about 0.008-0.022 in the proportiosar¥ices over the total of 37, corresponding
to an increase of about 0.3-0.8 in the number ofices. Overall, the results from the auto-

binomial model are fully in line with those frometlauto-Poisson and the SAR models.

4.2 Public and private museums

In this section, we wonder whether the spatial ddpace in museums’ behavior differs
among public (that is, governmental) and privatesemms. This point is interestimpgr se,
but, more importantly, it may provide further insig on the source of spatial dependence in
museum services. In fact, if the spatial dependdacdue to strategic interdependence
induced by competition to attract more visitorse amould expect it is stronger (or, at least,
not weaker) in private museums where competitimukhbe fiercer and rules less strict than
in the public sector; on the other hand, if thetigpadependence is due to reputational
concerns and/or common institutional factors, ormulds expect it is stronger in public
museums where reputational concerns should be sabient and institutional factors more
stringent.

Table 8 reports the results from our three models SAR, auto-Poisson, auto-
binomial) on the subsamples of public (columns 13joand private (columns 4 to 6)
museums, and each estimate refers to the full fpen (i.e., with the inclusion of all the
regressors under consideratiniNotice also that, as the use of subsamples redilnges
number of neighbors for each museum, the spatight&matrix at the provincial level turns
out to be overmuch sparse; hence, all estimatienceses in Table 8 use spatial weight matrix
at the regional level.

We find striking evidence of no spatial dependeimcprivate museums, regardless of
the model employed; on the contrary, estimatespfdslic museums display positive and
significant spatial dependence in all consideredi@ls This is a core result in our present
investigation: neighborhood effects hold for puptiot for private, museum institutions. This
outcome drives us to believe that the spatial dégece in museum service provision is due
to reputational concerns and/or common institulidaetors, rather than the pressure from

competition.

5 Table 8 reports the spatial coefficients only; twmplete results of regressions are available upon
request.
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Table 8 - Offered services: public vs. private museums
Public Private
SAR POISSON BINOMIAL SAR POISSON BINOMIAL
SPATIAL LAGGED YpusLic 0.345 0.033[0.484] 0.055[0.013]
(0.057)*** (0.005)*** (0.008)***
SPATIAL LAGGED Yerivate -0.019 0.008 [0.105]  0.001 [0.000]
(0.037) (0.009) (0.013)
Museum type controls YES YES YES NO NO NO
Museum other controls YES YES YES YES YES YES
Provincial controls YES YES YES YES YES YES
Observations 1427 1427 1427 738 738 738
Log pseudolikelihood -4170.33 -4190.09 -625.33 248 -2156.84 -313.73
AIC 8378.67 8416.19 1286.67 4305.16 4345.69 659.47

Robust standard errors in round brackets, margiifiedts (at means) in square brackets. * signifiart0%, ** significant at 5%, ***
significant at 1%.

4.3 Categories of services

Finally, we investigate whether the spatial dependdliffers among the three categories of
museum services under consideration, namely, abdags supporting services, and web
services. In principle, the underlying reasons Whitay induce spatial dependence, could be
more or less relevant for the museums’ behaviotha three categories of services. For
instance, accessibility services and supportingvices are particularly important for
competition in attracting visitors; web servicee garticularly important for the visibility of
museums and for the valorization of the scientdimtent of the exhibitions, so they are
relevant for the scientific competition among pe@raiseum directors) based on scientific
research and reputation, publications and speglabitions. However, common institutional
factors might be more binding for the museums’ bahrarelated to the accessibility, and
museum managers (in governmental museum withoohaaty) cannot compete in this type
of service.

Table 9 reports the results obtained by using timaber of services related to (a) the
museum accessibility Nl SERV_ACCESS), (b) services supporting visitors’ experience
(N_SUPPORT_SERV), and (c) web servicedN(WEB_SERV), as the dependent variable,
respectivel\’. For each service category, we provide the estsnfitam the three models
under current consideration (i.e., SAR, auto-Paissoto-binomial), for the two sub-samples
of public and private museums, again using theiapateight matrix at the regional level.
Overall, the results for the three categories o¥ises do not significantly differ from those
obtained when considering the total number of sessi in terms of both the presence

(significance) and the magnitude of the spatial etelgnce effects. For governmental

6 Full regressions are available upon request.
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museums, all models provide spatial autocorrelatioefficients included in the interval

(0.35, 0.55) in terms of marginal effect upon thenber of offered services, for all the types

of services under consideratibidowever, supporting services show a more limitgdtial

dependence, as compared to web and accessibiligess

Table 9 -Provision of specific services - Public vs. privataseums

Public Private
SAR POISSON BINOMIAL SAR POISSON BINOMIAL
Accessibility; dependent variable: N SERV_ACCESS
SPATIAL LAGGED YpusLic 0.384 0.163 [0.521] 0.457 [0.101]
(0.082)**+ (0.033)**+ (0.090)**+
SPATIAL LAGGED Yerivate 0.061 0.077[0.215] 0.080[0.018]
(0.119) (0.062) (0.129)
Museum type controls YES YES YES NO NO NO
Museum other controls YES YES YES YES YES YES
Provincial controls YES YES YES YES YES YES
Observations 1427 1427 1427 738 738 738
Log pseudolikelihood -1999.82 -2367.69 -647.94 21038 -1182.81 -345.42
AlC 4037.66 4771.39 1331.87 2099.88 2397.63 722.85
Supporting services, Dependent variabléd SUPPORT _SERV
SPATIAL LAGGED YpusLic 0.353 0.048 [0.459] 0.084 [0.019]
(0.071)*+ (0.010)**+ (0.016)**+
SPATIAL LAGGED Yprivate -0.111 0.008 [0.067] 0.008 [0.002]
(0.094) (0.015) (0.023)
Museum type controls YES YES YES NO NO NO
Museum other controls YES YES YES YES YES YES
Provincial controls YES YES YES YES YES YES
Observations 1427 1427 1427 738 738 738
Log pseudolikelihood -3704.13 -3710.89 -635.09 2189 -1899.01 -318.48
AIC 7446.26 7457.79 1306.19 3819.08 3830.01 668.95
Web services; Dependent variablé& WEB SERV
SPATIAL LAGGED YeusLic 0.368 0.261[0.552] 0.351[0.058]
(0.072)**+ (0.046)**+ (0.063)**+
SPATIAL LAGGED YprivaTe -0.110 0.020 [0.046] 0.001 [0.000]
(0.105) (0.059) (0.083)
Museum type controls YES YES YES NO NO NO
Museum other controls YES YES YES YES YES YES
Provincial controls YES YES YES YES YES YES
Observations 1427 1427 1427 738 738 738
Log pseudolikelihood -2655.52 -2436.41 -528.19 134 -1258.71 -274.59
AIC 5349.04 4908.81 1092.39 2716.68 2549.43 581.19

Robust standard errors in round brackets, margfifedts (at means) in square brackets. * signifi@mt0%, ** significant at 5%, ***

significant at 1%.

” Remember that the marginal effect associated g¢osphatial parametgr of the auto-binomial specification
captures the dependence of pheportion of counts (over the upper limit) upon the neiglshopunts, and has to
be interpreted accordingly; so the marginal effeegmal to 0.101, 0.019 and 0.058 in the auto-biabmi
specifications are referred to tlpeoportion of offered services, and they correspond to 0.80837, 0.522,

respectively, if referred to theumber of offered services.
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5. Discussion and concluding remarks

The main novelty of the present analysis restshowsng that spatial dependence —that is, a
neighborhood effect— is relevant in museum servigesvision; however, the neighborhood
effect is statistically significant for governmentmuseums and other similar cultural
institutes, while it is not significant for privateiuseums. The neighborhood effect, as
captured by a statistically significant spatial caatrrelation coefficient, means that the
number of services offered by a museum is infludnog the average number of services
offered by the museums located in the same regignowince.

We are interested in discussing whether the spdéipéndence can be interpreted as a
result of competition among museums. The evidehaedpatial dependence holds for public,
but not for private, museums, casts some doubttherfact that neighborhood effects are
motivated by true competition.

The institutional context in which public museuny®emte might suggest that spatial
dependence is due to reputational concerns andfomon institutional factors, rather than
sound competition. Some further elements could subis view.

In Italy, a conservative approach to the cultusitage and museums’ collections still
prevails; several rules for governmental museunessat at the central level, and several
management decisions are taken by regional admatiist bodies. The process towards the
administrative and accounting autonomy of museumisaachaeological sites has started later
than in other European countries and appears te baen a stop-and-go process where
administrative reforms to grant autonomy have Hde#owed by legislative acts substantially
dismantling the previous ones. Today, as a mattefact, only a limited number of
(outstanding) museums and sites benefit from aldegree of autonomy, while ‘autonomy’
in several cases concerns a limited set of finhacid managerial choices: the comprehensive
reform in 2014 has provided large financial and agamial autonomy only to the thirty most
famous museums and archaeological sites; all atlvseums and cultural sites are directly or
indirectly (if there is a director) managed by ‘i@tal museum hubs” and do not benefit from
any real financial autonomy (Zan et al. 2018, P)53'he autonomy of museums does not
involve in any case the human resource managenehtia a large part, the terms of
accessibility (i.e. working hours, opening hours,)e Incentives and financing schehes$
cultural sites do not promote the valorization Iseghe entrance fees go back to the central

government; only autonomous museums and archaealogites can keep (totally or

8 On the optimal financing schemes for museum, seedfdez-Blanco & Prieto-Rodriguez (2006).
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partially, according to the cases) their entramess ffor internal restoration and/or valorization
programs. The financing schemes for museums aner athitural sites, designed by the
public agency, are based on redistributive goald @@ public agent totally or partially
withdraws the revenues from the entrance feesneflieand preserve the less known cultural
heritage. This goal could be reasonable and weltded; however, it is far from designing a
scheme able to induce real competition among publiseums; some incentive mechanisms
can be introduced without losing this final meribois goal.

Moreover, at present, the largest part of publieniagstrators involved in the
conservation and valorization of cultural goods, asell as public museums’ and
archaeological sites’ directors, have a strictyaleand humanities formation background, and
lack managerial skills. They usually believe thamgpetition on scientific reputation (on
scientific activities and publications) is more ionf@ant than competition in attracting visitors.

Thus, the institutional framework drives manageysbe more concerned with the
conservation than the economic valorization ofuralt heritage.

However, the more and more stringent public budgastraints, and the need to fill the
gap with the different concepts of museums thatspreading in the world, have encouraged
public administrators and public museum directorallow the entrance of private enterprises
to supply supporting and web services. Since 189&n the Ronchey Law came into force,
private firms have applied for granting the supplly supporting, web and, sometimes,
accessibility services in governmental museumstaBehini et al (2018) not surprisingly find
that the availability of such complementary sersieelarger in governmental museums that
resort to outsource for providing such servicesvegomental museums with financial
autonomy and outsourced services outperform publiseums directly or indirectly run by
the different layers of government.

However, private firms that provide such servicesehto serve a large number of
museums and cultural institutions, in order to eipéconomies of scale and to make the
business of complementary service supply profitable

Thus, spatial dependence in the provision of compldary services by part of public
museums can be generated by the fact thasaime set of services is offered by tisame
private firms to a set of similar museums (possildgated in near areas, to limit the
production cost of private firms supplying the seeg). A key question concerns the fact
whether these private firms are involved in a tredynpetitive process, to obtain the grant for
providing the services. In a recent investigationnouseums, the Italian Court of Auditors

(Corte dei Conti) observes that the same race and the same fih@otiame for providing
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public museum with outsourced complementary sesviigs been extended for more than the
four years initially established by the law, anthce 2009, the grants have been always
attributed to the same private providers (Corte @enti, 2017); in other words, several
doubts exist about the competitive nature of theketafor museum service provision. New
races should be implemented by the public sectgutirantee competition in the supply of
complementary services for governmental museunts tlas outsourcing schemes should be
re-negotiated as far as the responsibility forgbhality control and the sharing of the revenues
concern.

These observations can support the view that tlagiadpdependence characterizing
service provision in governmental museums couldeddpon the design of the race rules
governing the grants for the outsourced provisibrearvices to governmental museums,
rather than sound competition among museums.

Borrowing the terminology proposed by Manski (200&)r discussion leads to argue
that neighborhood effects can due to three typeastefaction. (i) Peer effect and the search
of scientific and social recognition drive museuirectors to offer similar services as their
neighbors. This is what Mansky labels as ‘endogsmnateraction’: the propensity of an agent
to behave in a given way varies with the behaviathe group to which he/she belongs. (ii)
The similarity of personal characteristics of gglapart of museum managers drives them to
offer similar services: this is a form of ‘conteatunteraction’, where individual behavior is
determined by the exogenous features of the refergmoup. (iii) Common rules —at the
national level, and especially at the regional lavkere public bodies make management
choices for public museums with no autonomy- lea@tarrelated effects’, which emerge in
the case in which agents in the same group behavieardy simply because they share
common institutional rules and incentives. Unfodiaty, data limitation prevents us from
disentangling the different sources of neighborhetidcts; hopefully, future research could
provide further insights on this issue, probablypleiting the time dimension of the
longitudinal data concerning museums’ behavior. é¥heless, let us underline that several
motives supporting the neighborhood effects hattle lio do with sound competition among
museums.

Of course, we do not disregard that competitionlccdae important to improve the
quality of offered services, also in the museumaedNor we have argued that competitive
motivations are absent in the museum sector. Simpé/ have documented that in Italy
spatial correlation exists, in the museum compldargnservices’ provision, like in other

public service sectors. However, this spatial ddpane is not only interpretable as a sign of
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sound competition, entailing quality improvememRsrhaps, further legal and administrative
reforms concerning governmental museums are neagesgdang with a truly deep change in
the feeling about the museum mission, to implentery competitive processes among and

within public and private museums.
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